DOI: 10.7860/JCDR/2025/78032.21050

c
9]
2
o
@
%]
]
o
£
g
]
Q
I
o

WESAM KHAN

ABSTRACT

Review Article

Artificial Intelligence in Paediatric Urology:
Transforming Diagnosis and Treatment

Artificial Intelligence (Al) is revolutionising healthcare, including paediatric urology. Paediatric urology has played a crucial role
in the development of clinically relevant Al models. This narrative review explores the applications, benefits and challenges of
Al in paediatric urological diagnosis and treatment. It aims to determine the current state of Al in paediatric urology, identify
key applications, evaluate their impact on clinical outcomes and explore potential future directions. The literature search was
extensively conducted using the PubMed, Scopus and Web of Science databases. The findings from the literature search indicate
that Al has the potential to significantly improve paediatric urological care by providing more accurate diagnosis, optimising
treatment decisions and enhancing surgical outcomes. However, challenges such as data quality, model generalisability and
ethical implications must be resolved for widespread implementation.
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INTRODUCTION

Al is emerging in various streams of health sciences, including
paediatric urology. It is providing valuable solutions to long-standing
clinical challenges. Paediatric urology encompasses a wide range
of minimally invasive surgical procedures designed to manage a
diverse array of urological conditions affecting children [1]. Children
frequently present with complex urological diseases that require
customised modalities for precise identification. The incorporation of
Al into paediatric urology has marked the beginning of a new era of
precision medicine, where Al-powered prediction models have shown
promising results in enhancing diagnostic accuracy, advancing surgical
techniques and developing customised therapeutic strategies. This
growing field is anticipated to revolutionise the approach of clinicians
and researchers in managing critical urological conditions in the
paediatric population. Al can significantly improve the precision of
diagnosis, optimise surgical methods and customise treatment plans
for paediatric patients [2].

This review article delves into the burgeoning applications of Al in
paediatric urology, exploring its impact on various aspects of clinical
practice. The accurate diagnosis of urological anomalies in children
presents unique challenges compared to adults. Traditional methods,
such as Voiding Cystourethrogram (VCUG) and ultrasound imaging,
exhibit limitations in terms of precision and reproducibility [3]. VCUG
involves the fluoroscopic examination of the bladder and urinary
tract after contrast has been instilled [4]. However, this procedure
can be stressful, thus enhancing anxiety among young patients
due to the subjective interpretation of VCUG images. Ultrasound
imaging, while non invasive and radiation-free, may not always
provide a definitive diagnosis, particularly in cases involving subtle
abnormalities [5]. The specific challenges associated with providing
treatment to young patients make the use of Al in paediatric urology
even more critical.

By applying Machine Learning (ML) and Deep Learning (DL)
algorithms, Alis revolutionising the diagnostic landscape in paediatric
urology. ML algorithms, particularly supervised learning approaches,
are being employed to tackle complex challenges such as predicting
the severity of Vesicoureteral Reflux (VUR) [6]. ML approaches use
complex non linear mathematical models to elucidate variable
interactions. The most common models harnessing ML generally fall
into one of the following three categories: decision trees, Support
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Vector Machines (SVMs), or DL (neural networks) [7]. VUR, a
condition characterised by the backflow of urine from the bladder to
the ureters, can potentially lead to kidney damage if left untreated.
These Al models, trained on vast datasets of patient demographics,
reflux grades and bladder capacity, can predict the resolution
of VUR with high accuracy [8]. Thus, based on the predicted
severity, clinicians can tailour treatment plans, potentially reducing
unnecessary interventions and improving patient outcomes.

DL, a subfield of Al particularly adapt at image analysis, offers
significant advancements in the interpretation of VCUG images.
Convolutional Neural Networks (CNNs) are being applied to automate
the grading of VUR severity. Studies have demonstrated that CNN
models achieve accuracy comparable to, or even exceeding,
that of traditional methods [9-11]. By analysing features such as
reflux patterns, bladder contours and ureteral dilatation, CNNs
provide objective and potentially more consistent grading, thereby
streamlining the diagnostic process and reducing subjectivity.

Hydronephrosis, a condition characterised by swollen kidneys owing
to fluid buildup, is another prevalent concern in paediatric urology.
ML models are being developed to leverage ultrasound images
for assessing the severity of hydronephrosis and identifying the
underlying cause. These models assess parameters such as renal
pelvis dilation and parenchymal thickness to predict the degree of
obstruction, thus guiding subsequent treatment decisions [12].

Furthermore, Al algorithms demonstrate promising outcomes
in predicting the necessity for surgical intervention in cases of
hydronephrosis. By analysing preoperative ultrasound data,
including stone size, location and patient history, these algorithms
can estimate the likelihood of spontaneous resolution versus the
need for surgical procedures, like pyeloplasty. This information
empowers clinicians to engage in shared decision-making with
families, fostering a more patient-centred approach [13].

The primary aim of this narrative review is to comprehensively analyse
the current applications of Al in paediatric urology, highlighting the
advancements, challenges and prospects in this rapidly evolving
field. The specific objectives of this review are:

1. To investigate the current uses of Al in paediatric urology:
This involves examining how paediatric urological problems can
be diagnosed and treated through the use of robotic-assisted
surgical systems, DL models and ML techniques.
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2. To evaluate the effectiveness of Al technologies in
improving diagnostic accuracy: The review will assess how
Al has enhanced the precision and reliability of diagnostic tools,
particularly in imaging modalities and predictive models used in
paediatric urology.

3. To identify the challenges and limitations associated with
the implementation of Al in paediatric urology: This objective
aims to discuss the barriers to the widespread adoption of Al
technologies, including issues related to data availability, model
generalisability and ethical considerations.

4. To assess the potential future directions for Al in
paediatric urology: The review will explore emerging trends
and innovations in Al that may shape the future of paediatric
urology, offering insights into the foreseeable advancements
and their implications for clinical practice.

5. To provide recommendations for integrating Al into routine
clinical practice in paediatric urology: Based on the findings,
the review will suggest strategies for optimising the use of Al
in clinical settings, ensuring its benefits are maximised while
addressing potential risks and challenges.

Literature Search Strategy

A thorough search of the literature was conducted utilising several
scholarly sources, such as IEEE Xplore, Web of Science, Google
Scholar, PubMed and Scopus. Combinations of terms like “artificial
intelligence,” “Al,” “machine learning,” “deep learning,” “urology,”
“diagnostic imaging,” “robotic surgery,” and “predictive modelling”
were among the keywords used in the search. MeSH phrases and
free-text keywords were employed to capture diverse articles and
Boolean operators (AND, OR) were utilised to filter the search results.

Overview of Al Applications in Paediatric Urology: This section
delves into the various Al applications, highlighting their impact on
clinical practice.

Diagnostic enhancements: [Table/Fig-1] illustrates different types
of Al applications in diagnostic enhancements in paediatric urology
[8,14-16].

Condition Al application Outcomes Study
Predictive High accuracy in .
modelling and predicting VUR severity é%g';)s[g a.,
Al algorithms and outcomes
Vesicoureteral Machine learning Agtomated grading of‘ VUR Ergin O et al.,
Reflux (VUR) models for VUR | with accuracy exceeding (2024) [14]
prediction traditional methods
Deep learning Automated assessment Lien WC et al
for image of hydronephrosis severity (2023) [15] v
analysis using ultrasound images
Al in ultrasound Al mode!s pred|ctl - Lien WC et al.,
. obstruction severity guiding
analysis . (2023) [15]
treatment decisions
Hydronephrosis - -
Outcome Predl|ctslnecessnly of Anastasiadis A
. surgical intervention based
forecasting . et al., (2023) [16]
on preoperative data

[Table/Fig-1]: Al applications in diagnostic enhancements for paediatric urology

[8,14-16].

a) Vesicoureteral Reflux (VUR): Al-driven predictive models
have revolutionised the diagnosis and management of VUR.
Traditional diagnostic modalities, such as VCUG and ultrasound,
have exhibited variability in accuracy and reproducibility [6]. ML
models, including supervised learning algorithms, have been
developed to predict VUR severity and therapeutic outcomes.
Kabir S et al., demonstrated that VUR could be predicted with
high accuracy by an ML model using patient demographics,
reflux grades, and bladder capacity [8].

CNNs have been applied to VCUG images to automate the

grading of VUR. These CNNs analyse features such as reflux
patterns, bladder contours, and ureteral dilatation to provide
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objective grading [14]. A multi-head CNN for automatic VUR
grading from VCUG images has been developed. This model
offers greater computational efficiency, an increased ability
to capture complex data relationships, and the advantage of
deep supervision, thereby assisting in more consistent and
robust feature learning [17].

b) Hydronephrosis: The severity of hydronephrosis was determined
using Al models developed by Lien WC et al., which analyse
ultrasound images. These models assess parameters such as
renal pelvis dilation and parenchymal thickness to predict the
severity of obstruction, thereby guiding subsequent treatment
decisions [15]. Additionally, Anastasiadis A et al., developed Al
algorithms that predict the necessity of surgical intervention for
hydronephrosis based on preoperative ultrasound data. The
algorithms integrate variables such as stone size, stone location
and patient history to estimate the likelihood of spontaneous
resolution versus the need for surgical intervention [16].

c) Robotic-Assisted Laparoscopic Surgery (RALS): RALS has
become an essential tool in paediatric urology, offering enhanced
precision and reduced invasiveness compared to traditional
methods [Table/Fig-2]. RALS is employed for complex paediatric
urological procedures, including pyeloplasty, partial nephrectomy
and ureteral reimplantation. Hou SW et al., reviewed multiple
studies demonstrating that RALS provides increased dexterity,
improved visualisation and reduced postoperative pain compared
to conventional laparoscopic surgery [18].

Procedure Al application Clinical outcomes Study
Pyeloplasty, partial Increased dexterity, Hou SW et
nephrectomy, ureteral RALS for complex improved visualisation, | al., (2023)
; ) procedures )
reimplantation reduced pain 18]
Feasibility of Safe and effective Broch A et

Outpatient surgery with low complication | al., (2023)

outpatient RALS

rates [20]
. Advancements in | Improved safety Hou SW et
Technical . ,
) ) robotic technology | profile and expanded | al., (2023)
considerations

and training RALS applications [18]

[Table/Fig-2]: Robotic-Assisted Laparoscopic Surgery (RALS) in paediatric

urology [18,20].

In the paediatric population, Silay MS et al., conducted the first
Randomised Controlled Trial (RCT) comparing Laparoscopic
Procedure (LP) with  Robotic-Assisted Laparoscopic
Prostatectomy (RALP). Both LP and RALP proved to be safe
and effective for children, with similar success and complication
rates. While RALP’s overall cost was greater, LP’s operating
duration was longer [19].

Recent investigations into RALS focus on safety and feasibility,
particularly for outpatient procedures. Broch A et al., explored
the feasibility of performing retroperitoneal robotic-assisted
laparoscopic pyeloplasty as an outpatient procedure. Their
study demonstrated that this approach is both safe and
effective, with low complication rates and potential reductions
in hospital stay durations [20]. The implementation of RALS
requires specialised equipment and expertise. Hou SW et al.,
discussed advancements in robotic technology and training
programmes, which have improved the safety profie and
expanded the applications of RALS in paediatric urology [18].

d) Renal stones: Al technologies have advanced the management
of paediatric kidney stones by optimising treatment strategies.
Al models have been developed to predict the outcomes of
therapies like Percutaneous Nephrolithotomy (PCNL) and
Extracorporeal Shock Wave Lithotripsy (ESWL). Tzelves L et al.,
focus on advancements in kidney stone removal, which include
new lasers, contemporary ureteroscopes, applications, and
training systems developed using three-dimensional models,
virtual reality, Al, robotic system implementation, sheaths
attached to vacuum devices, and novel lithotripters. These
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advancements in kidney stone removal have ushered in a new
and exciting era of endourological alternatives for both patients
and professionals alike [21].

e) Bladder augmentation and reconstruction: The Al applications
in bladder augmentation and reconstruction focus on enhancing
surgical planning and predicting outcomes. Al models predict
the success of bladder augmentation procedures by analysing
preoperative data and surgical outcomes. Ross JPJ et al,
developed models that integrate data from various sources, such
as preoperative assessments and surgical histories, to forecast
postoperative bladder function and potential complications [22].

Al-driven approaches facilitate personalised treatment planning
by incorporating patient-specific data. These models help
tailor surgical strategies to individual needs, thereby improving
patient outcomes and satisfaction [Table/Fig-3] [23].

Intervention Al application Outcomes Study
Predictive algorithms | Enhanced prediction Tzelves L et
Renal stones for treatment of ESWL and PCNL al., (2023)
success success [21]
Bladder Outcome prediction Improved pred|ct|on of Ross JPJ et
. . postoperative outcomes
augmentation and | and personalised ; al., (2020)
) . and personalised
reconstruction planning ! ; [22]
surgical strategies

[Table/Fig-3]: Al-driven innovations in urological interventions [21,22].

f)  Detrusor Overactivity (DO): Detrusor Overactivity (DO),
characterised by involuntary bladder muscle contraction,
includes variable symptoms such as urgency, incontinence
and frequency [24]. Noticeable efficacy has been exhibited by
ML algorithms in detecting DO patterns in Urodynamic Studies
(UDS), which can enable consistent interpretation and increase
the precision of diagnosis [25]. Advanced imaging techniques,
such as Contrast-Enhanced Ultrasound (CEUS), are radiation-
free and extremely sensitive diagnostic methods. The diagnosis
of DO in paediatric patients has historically been challenging due
to the inconsistent interpretation of Urodynamic Tests (UDTs).
Hobbs KT et al., overcame this challenge by creating an ML
system called the Paediatric Detrusor Overactivity Identification
system (PDOIA), designed exclusively for paediatric patients
with spina bifida [26]. ML methods, like the Detrusor Under
Activity Management Algorithm (DUMA), demonstrate the
potential to enhance treatment choices and outcomes for
patients with Detrusor Underactivity (DUA) [27].

g) Posterior Urethral Valve (PUV): PUV is a congenital defect
characterised by obstructive tissue folds within the male
urethra, which manifest as a range of urinary tract symptoms
in newborns and infants. Weaver JK et al.,, emphasised the
application of DL to extract characteristics from postnatal
kidney ultrasounds that forecast progression to Chronic Kidney
Disease (CKD) in children with PUV [28].

Challenges and Future Directions

Al models in paediatric urology face challenges related to
generalisability and reproducibility across different clinical settings.
Ensuring the reliability of Al models across diverse populations and
healthcare environments is essential. Youssef A et al., emphasised
the need for robust external validation to confirm Al model
performance in various clinical contexts [29].

The development of standardised protocols for Al research is
crucial for ensuring comparability and integration. Chang TC et al.,
advocated for universal standards in Al applications to enhance
reliability and facilitate broader adoption [30]. In paediatric urology,
ML could significantly impact patient care if it is appropriately carried
out and documented. Although Al is intriguing, our ability to apply
models to real-world situations is limited by the lack of compelling
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data. Adequate reporting and ensuring high-quality models are the
initial steps toward achieving this aim [31].

Economic and Implementation Considerations

The implementation of Al technologies involves significant economic
and infrastructural considerations. The costs associated with Al
technologies and data infrastructure can be substantial. Wolff J et
al., discussed the economic implications of Al in healthcare and
highlighted the need for cost-effective solutions to promote wider
adoption [32].

Infrastructure requirements: Successful Al implementation requires
robust data infrastructure and integration with existing clinical
workflows. Addressing these logistical challenges is crucial for the
effective integration of Al technology into routine practice [32].

The integration of Al into paediatric urology has marked a significant
shift in both diagnostic and therapeutic paradigms, offering new
possibilities that were previously unattainable through conventional
methods. This narrative review highlights the transformative potential
of Al in paediatric urology, particularly in enhancing diagnostic
precision, optimising surgical interventions and personalising patient
care. The findings from present study align with, yet also extend,
the existing literature by demonstrating how Al-driven technologies
can bridge gaps in current clinical practices while introducing new
challenges that require careful consideration.

Al's impact on the diagnosis of VUR is particularly noteworthy.
Traditional diagnostic approaches, such as VCUG, have long
been the standard; however, their variability in accuracy has led to
inconsistent patient outcomes. The application of ML models, as
illustrated in present review, has shown promise in improving the
prediction of VUR severity and treatment outcomes. Present review
findings suggest that the integration of DL algorithms, such as
CNNs, can further enhance diagnostic accuracy by automating the
grading of VUR. Ergiin O et al., supported this assertion by showing
that CNNs could classify VUR severity with precision comparable to
traditional methods. This comparison underscores the potential of
Al to reduce human error and increase consistency in diagnosing
complex urological conditions [14].

In the context of hydronephrosis, Al's role in ultrasound image
analysis represents a significant advancement. Traditional ultrasound
assessments are often limited by operator dependence and subjective
interpretation, leading to potential misdiagnosis or delayed treatment.
Present review highlights the success of Al models in overcoming
these limitations by providing objective and reproducible evaluations
of hydronephrosis severity. The study by Lien WC et al., supports
present review findings, demonstrating that Al models can accurately
assess renal pelvis dilation and predict the need for surgical intervention
[16]. This improvement in diagnostic precision enhances patient
outcomes and aligns with the work of Hassan AM et al., who found
that Al algorithms could effectively predict the necessity of surgical
intervention based on preoperative ultrasound data. Collectively, these
findings suggest that Al can serve as a valuable adjunct to traditional
diagnostic tools, offering a more reliable and objective means of
assessing paediatric urological conditions [33].

The advent of RALS in paediatric urology has revolutionised surgical
practices by offering enhanced precision and reduced invasiveness.
Present review highlights the growing role of Al in optimising these
procedures, particularly in complex cases such as pyeloplasty,
partial nephrectomy and ureteral reimplantation. This finding was
consistent with the findings of Hou SW et al., who reviewed multiple
studies demonstrating that RALS provides increased dexterity,
improved visualisation and reduced postoperative pain compared
to conventional laparoscopic surgery [18].

However, present study extends these findings by exploring
the feasibility of RALS in outpatient settings. Knudsen JE et al.,
emphasised the potential of RALS to reduce hospital stay durations
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while maintaining safety and efficacy, a finding corroborated by
present review. These advancements suggest that Al-integrated
robotic systems may not only enhance surgical precision but also
improve patient recovery and reduce healthcare costs [34].

While the benefits of RALS are evident, present study also highlights
the challenges associated with its implementation, particularly
in terms of technical considerations and economic impact. The
requirement for specialised equipment and expertise, as discussed
by Hou SW et al., presents a barrier to widespread adoption [18].
Furthermore, the high costs associated with Al-driven technologies,
as noted by Wolff J et al., underscore the need for cost-effective
solutions to facilitate broader implementation [32]. These challenges
are echoed in the literature, with Silay MS et al., emphasising the
need for economic feasibility in adopting new surgical technologies.
The comparison between present findings and existing literature
suggests that while Al has the potential to transform surgical
practices in paediatric urology, addressing the logistical and
economic challenges will be critical to realising its full potential [19].

Another important area of advancement in Al is its application
in the treatment of juvenile kidney stones. Predictive Al models
that maximise treatment success have improved conventional
treatment approaches, including PCNL and ESWL. Present results
are consistent with those of Tzelves L et al., who emphasised
advancements in kidney stone removal, such as the application
of Al-driven predictive algorithms. These developments imply that
Al can be extremely important in enabling doctors to customise
treatment regimens for each patient, which will enhance patient
outcomes and lower the likelihood of complications [21].

In the realm of bladder augmentation and reconstruction, present
review highlights the potential of Al to enhance surgical planning and
outcome prediction. The use of Al models to analyse preoperative
data and predict postoperative outcomes represents a significant
shift from traditional methods, which often rely on surgeon experience
and intuition. Ross JPJ et al., supported present review findings,
demonstrating that Al-driven approaches could facilitate personalised
treatment planning and improve patient satisfaction [22)].

However, present review also emphasises the need for further
research to validate these models across diverse patient populations
and clinical settings, a concern discussed by Youssef A et al.,
and Chang TC et al., [29,30]. This comparison underscores the
importance of standardisation and external validation in ensuring
the reliability and generalisability of Al models in paediatric urology.
Current models have demonstrated significant potential in paediatric
urology, particularly in VUR, hydronephrosis and lower urinary tract
dysfunction. A review by lkeda A and Nosato H, of Al applications
in cystoscopy and the transurethral resection of bladder tumours
demonstrated that Al performance surpassed that of urologists in
diagnosing lesions as benign or malignant [35].

Al integration in paediatric urology is promising for enhancing
predictive accuracy and clinical care. Present review suggests that
addressing these economic and logistical challenges will be critical in
promoting the broader implementation of Al technologies in clinical
practice. The comparison between present review findings and
existing literature underscores the importance of developing cost-
effective solutions that balance the benefits of Al with the financial
realities of healthcare systems.

A living scoping review was conducted, and an online repository
(www.aipeduro.com) was created for models to facilitate an
evidence synthesis of Al models in paediatric urology [36]. Notable
developments include ML and DL approaches for VUR grading,
explainable models that predict obstructive hydronephrosis from
ultrasound images alone, and ensemble models that integrate
video urodynamic pressure tracings with fluoroscopic images to
characterise bladder dysfunction [37].
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CONCLUSION(S)

The integration of Al into paediatric urology represents a
transformative shift in both diagnostic and therapeutic practices.
Present review highlights the significant advancements made
possible by Al, including enhanced diagnostic precision, optimised
surgical interventions and personalised patient care. However,
the successful implementation of Al in clinical practice will require
addressing challenges related to generalisability, standardisation
and economic feasibility.

By building on the existing literature and addressing these challenges, Al
has the potential to significantly improve patient outcomes in paediatric
urology and shape the future of the field. The present narrative review
focuses on an in-depth analysis of the role of Al in paediatric urology,
addressing the urgent need for synthesised knowledge that can guide
future research, clinical practice and policy-making. Understanding
the current landscape and future potential of Al in this specialised
area will help clinicians, researchers and healthcare policymakers
harness these technologies effectively, ensuring that the benefits of
Al are fully realised while mitigating associated risks.

REFERENCES

[1] Shah M, Nakk N, Somani BK, Hameed BMZ. Artificial Inteligence (Al) in
urology-Current use and future directions: An iTRUE study. Turk J Urol.
2020;46(Supp. 1):527-39. Doi: 10.5152/tud.2020.20117. Epub 2020 May 27.
PMID: 32479253; PMCID: PMC7731952.

[2] Maleki Varnosfaderani S, Forouzanfar M. The Role of Al in hospitals and
clinics: Transforming healthcare in the 21t century. Bioengineering (Basel).
2024;11(4):337. DOI: 10.3390/bioengineering11040337.

[3] Nelson CP, Johnson EK, Logvinenko T, Chow JS. Ultrasound as a screening test
for genitourinary anomalies in children with UTI. Pediatrics. 2014;133(3):e394-
4083. Doi: 10.1542/peds.2013-2109. Epub 2014 Feb 10. PMID: 24515519;
PMCID: PMC3934332.

[4] Kim YJ, Cho BS, Lee J, Ryu H, Byun H, Yeon M, et al. The ABCs of
voiding cystourethrography. Taehan Yongsang Uihakhoe Chi. 2020;81(1):101-
18. Doi: 10.3348/jksr.2020.81.1.101. Epub 2020 Jan 31. PMID: 36238127;
PMCID: PMC9432100.

[5] Viteri B, Calle-Toro JS, Furth S, Darge K, Hartung EA, Otero H. State-of-the-
art renal imaging in children. Pediatrics. 2020;145(2):e20190829. Doi: 10.1542/
peds.2019-0829. Epub 2020 Jan 8. PMID: 31915193; PMCID: PMC6993529.

[6] Lotfollahzadeh S, Leslie SW, Aeddula NR. Vesicoureteral Reflux. [Updated
2024 Apr 30]. In: StatPearls [Internet]. Treasure Island (FL): StatPearls Publishing;
2024 Jan-. Available from: https://www.ncbi.nim.nih.gov/books/NBK563262/.

[7]1 Khondker A, Kwong JCC, Malik S, Erdman L, Keefe DT, Fernandez N, et al. The
state of artificial intelligence in pediatric urology. Front Urol. 2022;2:1024662.
Doi: 10.3389/fruro.2022.1024662.

[8] Kabir S, Pippi Salle JL, Chowdhury MEH, Abbas TO. Quantification of
vesicoureteral reflux using machine learning. J Pediatr Urol. 2024;20(2):257-64.
Doi: 10.1016/j.jpurol.2023.10.030. Epub 2023 Nov 2. PMID: 37980211.

[9] Serel A, Ozturk SA, Soyupek S, Serel HB. Deep learning in urological images
using convolutional neural networks: An artificial intelligence study. Turk J Urol.
2022;48(4):299-302. Doi: 10.5152/tud.2022.22030. PMID: 35913446; PMCID:
PMC9612695.

[10] Lee JY, Lee YS, Tae JH, Chang IH, Kim TH, Myung SC, et al. Selection of
convolutional neural network model for bladder tumor classification of cystoscopy
images and comparison with humans. J Endourol. 2024;38(10):1036-43. Doi:
10.1089/end.2024.0250. Epub 2024 Jul 1. PMID: 38877795.

[11] Huang TL, Lu NH, Huang YH, Twan WH, Yeh LR, Liu KY, et al. Transfer learning
with CNNs for efficient prostate cancer and BPH detection in transrectal
ultrasound images. Sci Rep. 2023;13(1):21849. Doi: 10.1038/s41598-023-
49159-1. PMID: 38071254; PMCID: PMC10710441.

[12] Sloan M, Li H, Lescay HA, Judge C, Lan L, Hajiyev P, et al. Pilot study of machine
learning in the task of distinguishing high and low-grade pediatric hydronephrosis
on ultrasound. Investig Clin Urol. 2023;64(6):588-96. Doi: 10.4111/icu.20230170.
PMID: 37932570; PMCID: PMC10630684.

[18] Scott Wang HH, Vasdev R, Nelson CP. Artificial intelligence in pediatric urology.
Urol Clin North Am. 2024;51(1):91-103. Doi: 10.1016/j.ucl.2023.08.002. Epub
2023 Sep 15. PMID: 37945105.

[14] Ergiin O, Serel TA, Oztiirk SA, Serel HB, Soyupek S, Hoscan B. Deep-learning based
diagnosis and grading of vesicoureteral reflux: A novel approach for improved clinical
decision-making: Vesicoureteral reflux and deep learning. J Surg Med [Internet].
2024;8(1):12-16. Available from: https://jsurgmed.com/article/view/8020.

[15] Lien WC, Chang YC, Chou HH, Lin LC, Liu YP, Liu L, et al. Detecting
hydronephrosis  through ultrasound images using state-of-the-art deep
learning models. Ultrasound Med Biol. 2023;49(3):723-33. Doi: 10.1016/j.
ultrasmedbio.2022.10.001. Epub 2022 Dec 9. PMID: 36509616.

[16] Anastasiadis A, Koudonas A, Langas G, Tsiakaras S, Memmos D, Mykoniatis |, et
al. Transforming urinary stone disease management by artificial inteligence-based
methods: A comprehensive review. Asian J Urol. 2023;10(3):258-74. Doi: 10.1016/j.
ajur.2023.02.002. Epub 2023 May 2. PMID: 37538159; PMCID: PMC10394286.

Journal of Clinical and Diagnostic Research. 2025 Jun, Vol-19(6): SE01-SE05



www.jcdr.net

[17] Chen G, Su L, Wang S, Liu X, Wu W, Zhang F, et al. Automated grading of
vesicoureteral reflux (VUR) using a dual-stream CNN model with deep supervision.
J Imaging Inform Med. 2025 Feb 14. DOI: 10.1007/s10278-025-01438-1. Epub
ahead of print.

Hou SW, Xing MH, Gundeti MS. Pediatric robotic urologic procedures: Indications
and outcomes. Indian J Urol. 2023;39(2):107-20. Doi: 10.4103/iju.iju_276_22.
Epub 2023 Mar 31. PMID: 37304986; PMCID: PMC10249524.

Silay MS, Danacioglu O, Ozel K, Karaman MI, Caskurlu T. Laparoscopy versus
robotic-assisted pyeloplasty in children: Preliminary results of a pilot prospective
randomized controlled trial. World J Urol. 2020;38:10.1007/s00345-019-02910-8.
Broch A, Paye-Jaouen A, Bruneau B, Glenisson M, Taghavi K, Botto N, et al.
Day surgery in children undergoing retroperitoneal robot-assisted laparoscopic
pyeloplasty: Is it safe and feasible? Eur Urol Open Sci. 2023;51:55-61. Doi:
10.1016/j.eur0s.2023.03.004. PMID: 37187722; PMCID: PMC10175732.
Tzelves L, Geraghty RM, Hughes T, Juliebg-dones P, Somani BK. Innovations
in kidney stone removal. Res Rep Urol. 2023;15:131-39. Doi: 10.2147/RRU.
S386844. PMID: 37069942; PMCID: PMC10105588.

Ross JPJ, Keays M, Neville C, Leonard M, Guerra L. Pediatric bladder
augmentation - Panacea or Pandora’s box? Can Urol Assoc J. 2020;14:E251-
56. Doi: 10.5489/cuaj.6024. PMID: 31977304; PMCID: PMC7654683.

Close S, Blake SC, Davis TT, Balbale SN, Perry JE, Weingard R, et al. Implementation
of enhanced recovery protocols for gastrointestinal surgery in children: Practical
tools from key stakeholders. J Surg Res. 2023;284:204-12. Doi: 10.1016/).
j55.2022.11.071. Epub 2022 Dec 29. PMID: 36586313; PMCID: PMC9911379.
Chowdhury AT, Salam A, Naznine M, Abdalla D, Erdman L, Chowdhury MEH,
et al. Artificial intelligence tools in pediatric urology: A comprehensive review
of recent advances. Diagnostics. 2024; 14:2059. Available from: https://doi.
org/10.3390/diagnostics14182059.

Roic AC, MiloSevi¢ D, Turudi¢ D, Roic G. An innovative diagnostic procedure
in children: Videourodynamics with contrast-enhanced voiding urosonography.
J Ultrasound. 2023;26(2):583-87. Doi: 10.1007/s40477-022-00721-z. Epub
2022 Nov 22. PMID: 36417175; PMCID: PMC10247938.

Hobbs KT, Choe N, Aksenov LI, Reyes L, Aquino W, Routh JC, et al. Machine
learning for urodynamic detection of detrusor overactivity. Urology. 2021;159:247-54.
Zhou Q, Chen Z, Wu B, Lin D, Hu Y, Zhang X, et al. A pilot study: Detrusor
overactivity diagnosis method based on deep learning. Urology. 2023;179:188-95.
Weaver JK, Milford K, Rickard M, Logan J, Erdman L, Viteri B, et al. Deep
learning imaging features derived from kidney ultrasounds predict chronic kidney
disease progression in children with posterior urethral valves. Pediatr Nephrol.
2022;38:839-46.

[29]

[30]
[18]

[19] [31]

[20]
[32]

[21]
[33]

[22]

[23] [34]

[38]
[24]
[36]
[25]
[37]
[26]
[27]

[28]

Wesam Khan, Al in Paediatric Urology

Youssef A, Pencina M, Thakur A, Zhu T, Clifton D, Shah NH. External validation of
Al models in health should be replaced with recurring local validation. Nat Med.
2023;29(11):2686-87. Doi: 10.1038/s41591-023-02540-z.

Chang TC, Seufert C, Eminaga O, Shkolyar E, Hu JC, Liao JC. Current trends
in artificial intelligence application for Endourology and Robotic Surgery. Urol
Clin North Am. 2021;48(1):151-60. Doi: 10.1016/j.ucl.2020.09.004. Epub 2020
Nov 5. PMID: 33218590.

Khondker A, Kwong JCC, Rickard M, Erdman L, Kim JK, Ahmad |, et al. Application
of STREAM-URO and APPRAISE-AI reporting standards for artificial intelligence
studies in pediatric urology: A case example with pediatric hydronephrosis.
J Pediatr Urol. 2024;20(3):455-67. Doi: 10.1016/j.jpurol.2024.01.020. Epub 2024
Jan 29. PMID: 38331659.

Wolff J, Pauling J, Keck A, Baumbach J. The economic impact of artificial inteligence
in health care: Systematic review. J Med Internet Res. 2020;22(2):e16866. Doi:
10.2196/16866. PMID: 32130134; PMCID: PMC7059082.

Hassan AM, Rajesh A, Asaad M, Nelson JA, Coert JH, Mehrara BJ, et al.
Artificial intelligence and machine learning in prediction of surgical complications:
Current state, applications, and implications. Am Surg. 2023;89(1):25-30. Doi:
10.1177/00031348221101488. Epub 2022 May 13. PMID: 35562124; PMCID:
PMC9653510.

Knudsen JE, Ghaffar U, Ma R, Hung AJ. Clinical applications of artificial inteligence
in robotic surgery. J Robot Surg. 2024;18(1):102. Doi: 10.1007/s11701-024-
01867-0. PMID: 38427094; PMCID: PMC10907451.

lkeda A, Nosato H. Overview of current applications and trends in artificial
intelligence for cystoscopy and transurethral resection of bladder tumours. Curr
Opin Urol. 2023;34:27-31.

Khondker A, Kwong JCC, Rickard M, Erdman L, Gabrielson AT, Nguyen DD, et
al. AI-PEDURO - Artificial intelligence in pediatric urology: Protocol for a living
scoping review and online repository. J Pediatr Urol. 2025;21(2):532-38. Doi:
10.1016/j.jpurol.2024.10.003.

Ahmad I, Khondker A, Kwong JCC, Erdman L, Kim JK, Santos JD, et al. Artificial
intelligence tools in pediatric urology: A comprehensive assessment of the
landscape and current utilization. Curr Treat Options Peds. 2024;10:88-100.
Available from: https://doi.org/10.1007/s40746-024-00301-9.

PARTICULARS OF CONTRIBUTORS:

1. Assistant Professor, Department of Surgery, Faculty of Medicine, University of Tabuk, Tabuk, Saudi Arabia.

NAME, ADDRESS, E-MAIL ID OF THE CORRESPONDING AUTHOR:

Dr. Wesam Khan,

Assistant Professor, Department of Surgery, Faculty of Medicine, University of
Tabuk, Tabuk, Saudi Arabia.

E-mail: Wkhan@ut.edu.sa

AUTHOR DECLARATION:
e Financial or Other Competing Interests: None
e \Was informed consent obtained from the subjects involved in the study? NA

e For any images presented appropriate consent has been obtained from the subjects. NA

Journal of Clinical and Diagnostic Research. 2025 Jun, Vol-19(6): SE01-SE05

PLAGIARISM CHECKING METHODS: W Hetall
e Plagiarism X-checker: Jan 14, 2025

* Manual Googling: Mar 17, 2025

e Thenticate Software: Mar 19, 2025 (15%)

ETYMOLOGY: Author Origin

EMENDATIONS: 5

Date of Submission: Jan 13, 2025
Date of Peer Review: Feb 18, 2025
Date of Acceptance: Mar 21, 2025

Date of Publishing: Jun 01, 2025


http://europeanscienceediting.org.uk/wp-content/uploads/2016/11/ESENov16_origart.pdf

